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OBJECTIVES

1. To design a hybrid residual network and long short-term memory method for accurate peptic ulcer bleeding mortality
prediction [1, 2].

HIGHLIGHTS

Motivations

« Static and dynamic medical data contain different aspects of information about the health status of patients. Therefore, we design
a hybrid method to jointly model both types of data to effectively improve mortality prediction results.

« Correlations between static data and dynamic data are important because of the influencing relationship. E.g., patients with
different static data usually have different personal physiques and dynamic data. Therefore, we propose to utilize Residual
Network to extract their correlation information by using convolutions units to jointly analyze different variables.

The proposed method
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Figure 1: The block diagram of the proposed method
Experimental results

Table 1: AUC values of different methods
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