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OBJECTIVES

1. To identify the causal relationships from novelty, unexpectedness, relevance, and timeliness to (Fﬁ\;;‘;;‘;i)
serendipity, and from serendipity to user satisfaction and purchase intention.
- _ - - - Novelty atisfaction
2. To reveal the moderating effects of user curiosity on the relationships from novelty to
- . . . . : : Purch
serendipity and from serendipity to satisfaction. Diversity
3. To compare four algorithms for recommending e-commerce products in terms of user Others? User /
Curiosity

perceptions.
_ Subjective variable and assessment question
Relevance: Q1. “The item recommended to me matches my interests.”
l i 1 I Novelty: Q2. “The item recommended to me is novel.”
° - -
A Iarge Scale Onllne user Survey on an IndUStrlaI mOblle € Pur_diversity: Q3. “The item recommended to me is different from the types of products I bought before.”
commerce Sett|ng (MOb[/e TaObaO), |nVO|V|ng over 3,000 Rec_diversity: Q4. "’Thg iten} recommended to me s s?mz’lar to the system’s prior recommendations.” (reversed)
o Unexpectedness: Q5. “The item recommended to me is unexpected.”
pa I’tICIpa ntS Serendipity: Q6. “The item recommended to me s a pleasant surprise.”
. . - g Timeliness: Q7. “The item recommended to me is very timely.”
* A Valldated path mOdel that reveals the Slgnlflcant Causal User satisfaction: Q8. “I am satisfied with this recommendation.”
I I 1 Purchase intention: Q9. “I would buy the item recommended, given the opportunity.”
relat|0nSh|pS among Observed va rlables Curiosity: Curiosity and Exploration Inventory-II (CEIL-II) with a 10-item self-report scale [16]
* Multi-group comparison between high and low curiosity groups
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« A popularity based approach as the baseline, and three variants of the collaborative filtering (CF) based method that are
tailored to respectively highlight relevance, novelty, and serendipity of the recommendation
« Kruskal-Wallis 1-way ANOVA test to compare the algorithms
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