
OBJECTIVES

HIGHLIGHTS

1. To infer the structures of latent diffusion networks for active surveillance 
2. To reveal the impact of underlying factors on geographic variations for epidemic prevention
3. To derive the epidemic risk map based on partial observations for disease control
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Spatio-Temporal Data Analytics for Disease Transmission Modeling: 
Diffusion Networks, Underlying Factors, and Partial Observations

• Mining motif profiles of diffusion network for accurate inference [1, 2]
• Space-time model for systematically investigating the impact factors from heterogeneous data sources [3]
• Deep metric learning for risk map completion [4, 5]
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Explicit and implicit impact factors 
from heterogeneous data sources

Socioeconomic Data
1) Per capita arable land 2) Per capita food production
3) Per capita meat production 4) Personal income
5) Per capita government revenue

Physiological Data
1) Mosquitoes
2) Parasites

Environmental Data
1) Temperature
2) Rainfall

Demographical Data
1) Population density

Surveillance Data
1) Temporal cases
2) Spatial cases
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